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                 A Comparison of Three Self-Report Measures of Intolerance of Uncertainty: An Examination of Structure and Incremental Explanatory Power in a Community Sample Thomas A. FergusBaylor University Intolerance of uncertainty (IU)has been broadly defined as a dispositional fear of the unknown and appears to span across emotional disorders. Despite the fact that IU has received increased attention from clinical researchers, little systematic research has been completed to compare existing self-report measures of this construct. To help fill this gap in the extant literature, the structure and incremental explanatory power of 3 self-report measures of IU were examined in the present research using a large community sample of adults in the United States (N 624). Results from confirmatory factor analyses supported the distinctiveness of the items of the 3 measures. Nonetheless, a higher order factor accounted for the latent correlations among the 3 measures, indicating that each measure assesses the same construct. Results from structural regression models indicated that each measure of IU tended to evidence incremental explanatory power beyond one another in the concurrent prediction of variance in scores of symptom measures. These results support the notion that all 3 of the targeted measures assess IU, although each measure appears to assess a distinct aspect of this construct.
 Keywords:emotional disorders, intolerance of uncertainty, Intolerance of Uncertainty Index, Intolerance of Uncertainty Scale, Obsessive Beliefs Questionnaire Intolerance of uncertainty (IU) is an individual difference vari- able that has garnered increased interest from clinical researchers (Birrell, Meares, Wilkinson, & Freeston, 2011;Carleton, 2012). A seminal operational definition of IU within the clinical literature came fromFreeston, Rhéaume, Letarte, Dugas, and Ladouceur (1994), who opined that IU represented “cognitive, emotional, and behavioral reactions to uncertainty in everyday life situations” (p.
 792). A number of refinements to Freeston et al.’s definition of IU have been put forth in the literature (seeBirrell et al., 2011; Carleton, 2012), withDugas and Robichaud (2007)recently de- fining IU as “a dispositional characteristic that results from a set of negative beliefs about uncertainty and its implications” (p. 24).
 Carleton sought to identify a common theme across extant defini- tions of IU and noted that IU fundamentally represents a disposi- tional fear of the unknown. In taxometric studies, IU has been identified as being nontaxonic (Carleton, Weeks, et al., 2012; Olatunji, Broman-Fulks, Bergman, Green, & Zlomke, 2010), in- dicating that IU is continuous and should be assessed using the full range of available scores.
 IU was once thought to be specific to generalized anxiety disorder (GAD), worry in particular (seeKoerner & Dugas, 2006).
 However, the existing literature currently supports the possibility that IU spans across emotional disorders (i.e., IU appears to be transdiagnostic;Carleton, Mulvogue, et al., 2012). To understand how IU relates to various clinical phenomena, it is of coursenecessary to have valid assessment tools. To date, the most com- monly used measure of IU has been the 27-item Intolerance of Uncertainty Scale (IUS) developed byFreeston et al. (1994). One limitation of the IUS is that a number of divergent factor structures have been found for the 27 IUS items (Berenbaum, Bredemeier, & Thompson, 2008;Buhr & Dugas, 2002;Freeston et al., 1994; Norton, 2005).Norton (2005)noted that the factor structure of the IUS items might be improved through item removal.Carleton, Norton, and Asmundson (2007)later developed a 12-item short form of the IUS, labeled the IUS–12. Carleton et al. found that scores on the IUS–12 correlated strongly with scores on the full-length IUS (r .96), and scores on both versions of the IUS evidenced statistically equivalent correlations with key criteria.
 Carleton et al. identified a two-factor structure for the IUS–12 items, withMcEvoy and Mahoney (2011)advocating for labeling these two factorsProspective IUandInhibitory IU.
 Sexton and Dugas (2009)critiquedCarleton et al.’s (2007) approach in developing the IUS–12, noting that content was not a chief consideration when selecting the short-form items and thus the IUS–12 might not capture the IU construct in a manner analogous to the full-length IUS. Addressing limitations of prior research examining the factor structure of the full-length IUS items (e.g., relatively small samples), Sexton and Dugas identified a replicable two-factor full-length IUS solution. The two factors were labeledUncertainty Has Negative Behavioral and Self- Referent ImplicationsandUncertainty Is Unfair and Spoils Every- thing. DespiteSexton and Dugas’s (2009)concern as to how the IUS–12 was developed, their full-length IUS factors strongly par- alleledCarleton et al.’s (2007)IUS–12 factors. In fact, all of the items from Carleton et al.’s Prospective IU factor loaded on Sexton and Dugas’s Uncertainty Is Unfair and Spoils Everything factor, This article was published Online First August 12, 2013.
 Correspondence concerning this article should be addressed to Thomas A. Fergus, Department of Psychology and Neuroscience, Baylor Univer- sity, Waco, TX 76798. E-mail:[email protected] This document is copyrighted by the American Psychological Association or one of its allied publishers.
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 Studies have been conducted to directly compareSexton and Dugas’s (2009)full-length andCarleton et al.’s (2007)short-form versions of the IUS. In one study,Khawaja and Yu (2010)found that scores on the corresponding IUS full-length and short-form scales evidenced strong correlations (rs ranging from .90 to .97), and scores on these sets of scales showed a similar pattern of correlations with theoretically relevant criteria. Despite some re- sults indicating that test scores on one of Sexton and Dugas’s full-length IUS scale evidenced more favorable discriminative validity relative to test scores on the corresponding scale of the IUS-12, Khawaja and Yu concluded that “clinicians and research- ers may choose either version without any serious limitations” (p.
 105). In another study,McEvoy and Mahoney (2011)found that Carleton et al.’s IUS–12 two-factor solution, but not Sexton and Dugas’s full-length IUS two-factor solution, demonstrated an ad- equate fit to their data using confirmatory factor analyses (CFAs).
 In reviewing available factor analytic studies,Birrell et al. (2011) concluded that the 12 items of the IUS–12 have most consistently loaded on the same factors across studies, and Carleton et al.’s two-factor solution was supported by Birrell et al. (2011) as their proposed factor structure of the IUS items. Given its brevity and strong convergence with scores on the full-length IUS, the IUS–12 appears to be viable substitute for the full-length IUS and is the focus of the present research.
 Carleton (2012)stated that the “IUS–12 has been designed specifically to research the core aspects of IU across different populations and different disorders” (p. 941). At the same time, additional self-report measures that purportedly assess IU exist in the clinical literature, and interrelations among the IUS–12 and these other measures have yet to be thoroughly examined. One additional measure of IU in the clinical literature is the Obsessive Beliefs Questionnaire (OBQ), which was developed bySteketee, Frost, and the Obsessive Compulsive Cognitions Working Group (OCCWG; 2001)to assess IU and related dysfunctional beliefs.
 According to theOCCWG (2001), IU represents “beliefs about the necessity for being certain, that one has poor capacity to cope with unpredictable change, and that it is difficult to function adequately in ambiguous situations” (p. 1004). Within the OBQ, IU items have historically loaded on the same factor as items assessing perfectionism (Steketee, Frost, & OCCWG, 2005 [OCCWG, 2005]). This pattern of factor loadings led researchers to label this scale Perfectionism/Certainty (P/C). TheOCCWG (2005)defined P/C as reflecting “high, absolute standards of completion, rigidity, concern over mistakes, and feelings of uncertainty” (p. 1532).
 Moulding et al. (2011)recently developed a 20-item short form of the OBQ, labeled the OBQ–20, to provide researchers with an economical assessment of the targeted dysfunctional beliefs. Pur- suant to the present research,Moulding et al. (2011)found that the OBQ–20 –P/C items were best represented by a single factor and that scores of the OBQ–20 –P/C strongly converged with scores of a full-length version of the OBQ–P/C (rs of .95 and .96).Moulding et al. (2011)also found that scores on the OBQ–20 –P/C and full-length OBQ–P/C shared nearly identical correlations with criteria. Given its brevity and strong convergence with the full- length OBQ–P/C, the OBQ–20 –P/C was used in the present re- search. To date, researchers have found that scores on the IUS andthe OBQ–P/C moderately intercorrelate (rs of .55 and .57;Fergus & Wu, 2011). Such intercorrelations indicate that these two mea- sures are not redundant and likely assess IU in a somewhat distinct manner (Gentes & Ruscio, 2011).
 The Intolerance of Uncertainty Index (IUI) is a self-report measure that was recently developed byGosselin et al. (2008)to address purported limitations of the IUS. Gosselin et al. asserted that the items of the IUS tap general reactions to uncertainty rather than tolerance or acceptance of uncertainty. The IUI consists of two separate parts, but as noted by Gosselin et al., only the items of Part A of the IUI (i.e., IUI–A) assess IU in a manner consistent with how this construct has historically been defined in the liter- ature (e.g.,Dugas, Gosselin, & Ladouceur, 2001). Therefore, the IUI–A is the only part of the measure considered in this article.
 The content of the IUI–A items converges withGosselin et al.’s (2008)stated attempt to assess IU as a tolerance/acceptance of uncertainty (e.g.,Not knowing what will happen in advance is often unacceptable for me). Scores on the IUS and IUI–A strongly intercorrelate (r .68;Gosselin et al., 2008), although the mag- nitude of this correlation does not suggest redundancy between the two measures.Carleton, Gosselin, and Asmundson (2010)vali- dated an English version of the IUI–A, finding that the IUI–A items were best represented by a single factor.Carleton et al.
 (2010)called for future research to compare relations between the IUI–A and other measures of IU in an attempt to explicate the potential differential utility of these available options for assessing IU.
 Indeed, despite IU receiving increased attention from research- ers, little systematic research has been completed to directly com- pare existing self-report measures of IU. The lack of data speaking to interrelations among available measures of IU represents a gap in the existing literature, as it is currently unknown whether the measures all can be conceptualized as assessing the same con- struct. The different definitions used by researchers when creating the items of the IUS-12, OBQ–P/C, and IUI–A, coupled with the relatively modest interrelations among scores of these measures, suggests that it is possible that these measures assess distinct aspects of IU. The structure of the IUS–12, OBQ–P/C, and IUI–A items was examined in the present research to study this possibil- ity. The first aim of the present research was to examine whether items of these IU measures were factorially distinct. If the items of the IUS–12, OBQ–P/C, and IUI–A were factorially distinct, the next aim of the present research was to investigate whether the distinct content assessed by these items was nonetheless represen- tative of the same higher order construct (i.e., IU). Such a pattern of findings would support the notion that each of the three targeted measures assesses a distinct aspect of IU.
 A final aim of the present research was to further investigate the distinctiveness of the IUS–12, OBQ–P/C, and IUI–A by examin- ing unique relations between the three targeted measures and symptom measures of emotional disorders. Although typically used to support the validity of test scores, the concept of incre- mental validity can also have important conceptual implications (Hunsley, 2003). In the context of the present research, finding a unique relation between each IU measure and symptom measure after accounting for variance shared across IU measures would suggest thatCarleton’s (2012)notion that the IUS–12 assessthe core aspects of IU across different disorders might be broadened to consider the possibility that the IUS–12, OBQ–P/C, and IUI–A This document is copyrighted by the American Psychological Association or one of its allied publishers.
 This article is intended solely for the personal use of the individual user and is not to be disseminated broadly. 1323 INTOLERANCE OF UNCERTAINTY each assess core aspects of IU that span across different disorders.
 Finding relatively robust relations between scores on certain IU measures and symptom measures might also shed light onto op- erational definitions of IU that are particularly relevant to symp- toms of specific emotional disorders. Depression, generalized anx- iety, and obsessive– compulsive symptoms were targeted in the present research, as these three symptom types have garnered particular interest from IU researchers (Gentes & Ruscio, 2011).
 A higher order CFA approach, followingBrown (2006), was used in the present research to examine the structure of the items of the IUS–12, OBQ–P/C, and IUI–A. This data analytic approach allowed for an examination of the initial two study aims outlined earlier. As recommended byBrown (2006), an adequate first-order model was initially fit to the data before examination for the presence of a higher order factor was performed. When testing the adequacy of first-order models, it was predicted that a four-factor model—in which the items of IUS–12–Prospective, IUS–12– Inhibitory, OBQ–P/C, and IUI–A loaded on separate, yet intercor- related, factors—would provide an adequate fit to the data and a better fit to the data relative to alternative first-order factor struc- tures. This prediction was based on the reviewed factor analytic studies of the targeted measures, the differences in operational definitions used by researchers when creating the items of each measure, and the relatively modest magnitude of interrelations among the scores of the measures. It was next predicted that a higher order factor would account for the intercorrelations among the four first-order factors. Despite the expectation that items of the IUS–12–Prospective, IUS–12–Inhibitory, OBQ–P/C, and IUI–A would be distinct, the presence of a higher order factor would support the notion that these measures are all representative of the same overarching construct (i.e., IU). A higher order factor was predicted to account for the latent factor correlations, as each of the targeted measures was developed to assess IU.
 Structural equation modeling (SEM) was then used to examine the incremental explanatory power of each measure in the concur- rent prediction of depression, generalized anxiety, and obsessive– compulsive symptoms. Using SEM provides advantages compared with using scaled scores, including the ability to account for scale unreliability (Brown, 2006). Because of such advantages, using SEM in the present research was expected to provide clearer estimates of interrelations among the IU measures and symptom types than what would be expected using scaled scores. These tests of incremental explanatory power were considered exploratory. Method Participants The sample consisted of 624 adults recruited through the Inter- net. The mean age of the sample was 33.1 years (SD 11.4; range from 18 to 71). Respondents primarily self-identified as female (56.1%), having received at least a 2-year college degree (55.9%), working at least part-time (68.4%), and being currently unmarried (66.9%). In terms of racial/ethnic identification, 79.2% self- identified as White, 6.6% self-identified as African American, 6.4% self-identified as Asian, 3.7% self-identified as Hispanic, 3.5% self-identified as bi- or multiracial, and 0.6% self-identified as “other” race/ethnicity. Measures Intolerance of Uncertainty Scale–12-item version (IUS–12; Carleton et al., 2007).As introduced, the IUS–12 is a 12-item short form of the full-length 27-item IUS (Freeston et al., 1994; English translation:Buhr & Dugas, 2002). The IUS–12 consists of seven items that assess Prospective IU (e.g.,Unforeseen events upset me greatly) and five items that assess Inhibitory IU (e.g., When I am uncertain, I can’t function very well). The IUS–12 items are rated on a 5-point scale (ranging from 1 to 5). In previous research, the test scores on the Prospective IU and Inhibitory IU scales demonstrated adequate internal consistency (Cronbach’s s of .85 and .88;Carleton et al., 2007;McEvoy & Mahoney, 2011).
 Further,Khawaja and Yu (2010)found that test scores on the IUS–12 evidenced satisfactory test–retest reliability (2-weekr .77). Test scores on the IUS–12 scales (total:M 35.22,SD 8.83; Prospective IU:M 22.41,SD 5.06; Inhibitory IU:
 M 12.81,SD 4.56) demonstrated good internal consistency in the present research (Cronbach’s s ranging from .86 to .91). The average interitemrfor test scores on the Prospective IU scale was .46 (ranged from .35 to .59), and the average interitemrfor test scores on the Inhibitory IU scale was .62 (ranged from .54 to .75) in the present research.
 Obsessive Beliefs Questionnaire–20-item version (OBQ–20; Moulding et al., 2011).As introduced, the OBQ-20 is a 20-item short form of the 44-item version of the OBQ (Steketee, Frost, & OCCWG, 2005). The OBQ–20 –PC—the OBQ–20 scale of inter- est in the present research— consists of five items that assess for perfectionism and certainty (e.g.,For me, things are not right if they are not perfect). The OBQ–20 items are rated on a scale ranging from 1 to 7. In previous research, test scores on the OBQ–20 –P/C have demonstrated adequate internal consistency given the brevity of the scale (Cronbach’s s of .78 and .81; Moulding et al., 2011). Test scores on full-length versions of this scale also have evidenced satisfactory test–retest reliability (2- month to 3-monthrs ranging from .66 to .77;Steketee, Frost, & OCCWG, 2003). Test scores on the OBQ–20 –P/C (M 18.50, SD 7.16) evidenced adequate internal consistency in the present research ( .83). The average interitemrfor test scores on the OBQ–20 –P/C was .49 (ranged from .35 to .68) in the present research.
 Intolerance of Uncertainty Index–Part A (IUI–A;Gosselin et al., 2008; English translation:Carleton et al, 2010).As introduced, the IUI–A is a 15-item measure that assesses difficul- ties tolerating or accepting uncertainty (e.g.,I have difficulty tolerating life’s uncertainties). IUI–A items are rated using a scale ranging from 1 to 5. Previous research has shown that test scores on the IUI–A demonstrated good internal consistency (Cronbach’s s of .94 and .96;Carleton et al., 2010;Gosselin et al., 2008), and Gosselin et al. (2008) found that test scores on the IUI–A evi- denced satisfactory test–retest reliability (5-weekr .76). Test scores on the IUI–A (M 40.99,SD 14.10) evidenced good internal consistency in the present research ( .96). The average interitemrfor test scores on the IUI–A was .63 (ranged from .40 to .82) in the present research.
 Depression, Anxiety, and Stress Scales–21-item version (DASS–21;Lovibond & Lovibond, 1995).The DASS–21 is a 21-item short-form version of the original 42-item version of the DASS (Lovibond & Lovibond, 1995) that assesses depression, This document is copyrighted by the American Psychological Association or one of its allied publishers.
 This article is intended solely for the personal use of the individual user and is not to be disseminated broadly. 1324 FERGUS anxiety, and stress symptoms the respondent has experienced over the previous week. The Depression scale of the DASS-21—the DASS-21 scale of interest in the present research— consists of seven items (e.g.,I couldn’t seem to experience any positive feeling at all) that are rated using a scale ranging from 0 to 3.
 Antony, Bieling, Cox, Enns, and Swinson (1998)found that the depression items of the DASS–21 significantly loaded on a single factor that wasdistinct from the anxiety and stress factors of the measure.
 Antony et al. (1998) further found that test scores on the Depres- sion scale of the DASS–21 demonstrated good internal consistency ( .94) and correlated strongly with scores on other symptom measures of depression (r .79). Prior research has shown that test scores on the full-length Depression scale evidenced satisfac- tory test–retest reliability (2-weekr .71;Brown, Chorpita, Korotitsch, & Barlow, 1997). Test scores on the Depression scale of the DASS–21 (M 5.93,SD 5.59) evidenced good internal consistency in the present research ( .93). The average interi- temrfor test scores on the Depression scale of the DASS–21 was .64 (ranged from .51 to .74) in the present research.
 Generalized Anxiety Disorder–7 (GAD–7;Spitzer, Kroenke, Williams, & Lowe, 2006).The GAD–7 is seven-item measure that assesses generalized anxiety symptoms the respondent has experienced over the previous 2 weeks (e.g.,Worrying too much about different things). Spitzer et al. (2006) found that the GAD–7 items all significantly loaded on a single factor and that test scores on the GAD–7 evidenced good internal consistency ( .92) and satisfactory test–retest reliability (1-weekr .83). Scores on the GAD–7 correlate strongly (r .64) with scores on another mea- sure of generalized anxiety symptoms (Kertz, Bigda-Peyton, & Bjorgvinsson, in press). Test scores on the GAD–7 (M 6.94, SD 5.46) evidenced good internal consistency in the present research ( .91). The average interitemrfor test scores on the GAD–7 was .59 (ranged from .45 to .84) in the present research.
 Dimensional Obsessive–Compulsive Scale (DOCS;Abra- mowitz et al., 2010).The DOCS is a 20-item measure that assesses the severity of obsessive– compulsive symptoms using a scale ranging from 0 to 4. The four symptom dimensions assessed by the DOCS are contamination, responsibility for harm, unac- ceptable thoughts, and symmetry. Each DOCS scale assesses for the time spent, avoidance, distress, interference, and attempts of control surrounding the respective symptom dimension.
 Abramowitz et al. (2010)found that a four-factor solution best represented the items of the DOCS and that test scores on the DOCS scales evidenced good internal consistency ( s ranging from .83 to .96) and satisfactory test–retest reliability (5-weekrs ranging from .55 to .66).Abramowitz et al. (2010)also found that scores on the DOCS scales correlated moderately to strongly (rs ranging from .39 to .88) with scores of other symptom measures that assess corresponding symptom dimensions. Test scores on each DOCS scale (Contamination:M 2.79,SD 3.34; Respon- sibility:M 3.40,SD 3.89; Unacceptable Thoughts:M 3.51, SD 4.11; Symmetry:M 3.14,SD 3.95) demonstrated good internal consistency in the present research ( s ranging from .86 to .93). The average interitemrfor test scores on each of the DOCS scales in the present research was as follows: Contamination .57 (ranged from .54 to .61), Responsibility .69 (ranged from .63 to .77), Unacceptable Thoughts .68 (ranged from .60 to .75), and Symmetry .73 (ranged from .68 to .76). Procedure Participants were recruited using Amazon’s Mechanical Turk (MTurk), an Internet-based platform that allows respondents to complete jobs (e.g., survey completion) for monetary compensa- tion. Respondents completing surveys through MTurk have been found to produce high-quality data (Buhrmester, Kwang, & Gos- ling, 2011). The use of an Internet sample was supported by the equivalence of IU measures across paper-and-pencil versus Inter- net administration (Coles, Cook, & Blake, 2007). The present research was approved by the local institutional review board.
 Recruitment was limited to MTurk workers over 18 years old and located in the United States. Participants were required to provide electronic consent, and there was no penalty for withdrawing from the study. Upon completion of the study, participants were de- briefed and paid in full. Compensation was $1, an amount consis- tent with the compensation given to MTurk workers completing prior studies of similar length (Buhrmester et al., 2011). Results Structure As described earlier, a higher order CFA approach was used to examine the structure among the items of the IUS–12, OBQ–P/C, and the IUI–A. 1Tests for multivariate skewness and kurtosis were significant for some of the item scores of these measures, suggest- ing the presence of multivariate nonnormality. Multivariate non- normality can negatively impact results obtained when maximum likelihood (ML) estimation is used. Robust ML estimation (Satorra & Bentler, 1994) was therefore used for all reported analyses, as this estimation procedure provides parameter estimates with stan- dard errors that are robust to nonnormality (Brown, 2006). All models were tested by inputting covariance and asymptotic cova- riance matrices into LISREL Version 8.80 software (Jöreskog & Sörbom, 2007). Four commonly recommended (Brown, 2006;Hu & Bentler, 1999;Kline, 2011) goodness-of-fit statistics were used to evaluate all tested models. These fit statistics were the compar- ative fit index (CFI), nonnormed fit index (NNFI), root-mean- square error of approximation (RMSEA), and standard root-mean- square residual (SRMR).Hu and Bentler’s (1999)guidelines were used to evaluate fit: CFI and NNFI should be close to .95, RMSEA should be close to .06, and SRMR should be close to .08. Further, the upper limit of the 90% RMSEA confidence interval (CI) should not exceed .10 (Kline, 2011). Nested models were com- 1An exploratory factor analysis (EFA) yielded an identical pattern of results as the results obtained when using the CFA approach described in this article. Specifically, a four-factor solution was obtained when using an EFA, which consisted of principal axis factoring and oblique (oblimin) rotation. A parallel analysis for both mean and 95th percentile eigenvalues (usingO’Connor’s, 2000, syntax) indicated the appropriateness of the four-factor solution. The first five eigenvalues were 15.91, 1.82, 1.68, 1.44, and 0.96. Each item loaded saliently (i.e., factor loading .40) on the expected factor (i.e., IUS–12-Prospective, IUS–12–Inhibitory, OBQ–P/C, or IUI–A), and there were no salient cross-loadings within the four-factor EFA solution. This document is copyrighted by the American Psychological Association or one of its allied publishers.
 This article is intended solely for the personal use of the individual user and is not to be disseminated broadly. 1325 INTOLERANCE OF UNCERTAINTY pared using the Satorra–Bentler scaled difference chi-square test (i.e., SDCS test; followingBryant & Satorra, 2012). 2 As recommended byBrown (2006), the adequacy of a first- order measurement model was initially examined. The metric of latent factors was set by fixing one of the unstandardized item factor loadings to 1.0 (Brown, 2006). Fit statistics for all of the tested measurement models are presented inTable 1. A correlated four-factor model was tested first. This model consisted of the items of the IUS–12–Prospective, IUS–12–Inhibitory, OBQ–P/C, and IUI–A loading on one of the four latent factors, with no secondary loadings. Based on the specified guidelines, the corre- lated four-factor model provided an adequate fit to the data.
 Despite the adequacy of the correlated four-factor first-order model, alternative first-order models were considered. For exam- ple, it is possible that the IUS–12 items are not best represented by distinct factors in the context of the items of the OBQ–P/C and IUI–A. To examine this possibility, a correlated three-factor model was tested next. This model was identical to the correlated four- factor model, except all of the IUS–12 items were collapsed onto a single latent factor. With the exception of the RMSEA, this three-factor model provided an adequate fit to the data. However, the fit statistics were more favorable for the four-factor model.
 Further, the SDCS test indicated that the three-factor model pro- vided a significant decrement in model fit relative to the four- factor model:  D2(3) 329.69,p .01.
 For a more parsimonious model, a one-factor first-order model was tested next. Within this model, the items of the IUS–12, OBQ–P/C, and IUI–A were all collapsed onto a single latent construct. With the exception of the RMSEA and 90% RMSEA CI, the one-factor model provided an adequate fit to the data.
 However, all of the fit statistics were more favorable for the correlated four-factor model. Further, the SDCS test indicated that the one-factor model provided a significantly poorer fit to the data than did the four-factor model:  D2(6) 668.66,p .01. Despite the decrement in model fit surrounding the one factor, the pattern of factor loadings on this factor was used to guide the consider- ation of any remaining tenable first-order models. The completely standardized factor loadings from the one-factor model are pre- sented inTable 2. Generally speaking, the IUS–12 items and the IUI–A items loaded strongly on the factor, whereas the OBQ–P/C items evidenced more modest factor loadings. Therefore, it is possible that a correlated two-factor model, in which the IUS–12 items and the IUI–A items load on one factor and the OBQ–P/C items load a second factor, might provide an adequate fit to the data. The adequacy of this model was tested next. With the exception of the RMSEA and 90% RMSEA CI, the correlated two-factor model provided an adequate fit to the data. However, the fit statistics were all more favorable for the correlated four- factor model. Further, the SDCS test indicated that the two-factor model provided a significantly poorer fit to the data than did the four-factor model:  D2(5) 571.83,p .01.
 Based on the specified guidelines for model comparisons, the correlated four-factor model provided the best model fit to these data.
 All factor loadings within the four-factor model were significant (p .01), and the completely standardized loadings are presented inTable 2. All of the correlations among the latent factors were significant (p .01) and are presented inTable 3. Given the superiority of the four-factor first-order model, a second-order CFA model was tested next. FollowingBrown (2006), this second-order model removed thefirst-order latent factor intercorrelations and added direct effects from a higher order factor to each of the first-order factors (IUS– Prospective, IUS–Inhibitory, OBQ–P/C, and IUI–A). The items of each of these scales were retained as indicators of each first-order factor in the second-order model. Evidence of alackof significant decrement in model fit between the first-order model and second- order model is indicative of the presence of a higher order factor (Brown, 2006). As presented inTable 1, the second-order model provided an adequate fit to the data. All of the fit statistics met or exceeded the specified guidelines and were comparable to the corre- lated four-factor first-order model. Further, the SDCS test indicated that the second-order model did not provide a significant decrement in model fit relative to the four-factor first-order model:  D2(2) 0.56, ns. 3The second-order factor loadings of all of the first-order factors were significant (p .01), and the completely standardized loadings on the second-order factor were as follows: IUS–12–Prospective .90; IUS–12–Inhibitory .89; OBQ–P/C .68; and IUI–A .92. Incremental Explanatory Power As described previously, unique relations between each IU measure and the symptom measures were examined using SEM.
 More specifically, three latent structural regression models were fit to the data. The three models only differed based on the endoge- nous construct in each model. Each model consisted of four exogenous constructs being allowed to predict one endogenous construct. The exogenous constructs were allowed to co-vary in each model. The exogenous constructs were each of the IU mea- sures, and the endogenous construct was one of the symptom measures. The indicators for the exogenous constructs were the items of the respective IU measure. The indicators for the depres- sion and generalized anxiety constructs were the items of the respective symptom measures, whereas the indicators for the obsessive– compulsive construct were the separate four scales of the respective symptom measure. 4The metric of each latent factor was set by fixing one of the unstandardized factor loadings to 1.0 2Bryant and Satorra (2012)outlined a modified method for LISREL users to compute the SDCS. This modified method allows LISREL users to compute a SDCS in a manner that is analogous to the method used by users of other SEM software packages. Bryant and Satorra’s method involves computing a scaling correction factor (c) for each model by dividing the normal theory weighted least squares chi-square value by the Satorra–Bentler chi-square value. All SDCS values reported in this article correspond to Bryant and Satorra’s method.
 3Brown (2006)stated that “when the higher order model is overidenti- fied, the nested 2test can be used to determine whether the specification produces a significant degradation in fit relative to the first-order solution” (p. 332). Following Brown, the SDCS was used to compare the second- order model with the correlated four-factor first-order model in the present research. 4The rationale for using item indicators instead of item parcels for these latent constructs was threefold. First, the measures used in the present research were generally too brief to form a sufficient number of item parcels. Second, it is generally unknown whether the underlying structure of the items in a parcel is unidimensional, whereas prior research has supported the items indicators used for each construct as being unidimen- sional. Third, research has shown that models with parcels do not outper- form models based on individual items (seeBrown, 2006). Because Abramowitz et al. (2010)found that a one-factor solution of the DOCS items provided a significantly poorer fit to the data relative to a four-factor solution, the four DOCS scales (as scaled scores) were used as indicators rather than using each DOCS item as a separate indicator. This document is copyrighted by the American Psychological Association or one of its allied publishers.
 This article is intended solely for the personal use of the individual user and is not to be disseminated broadly. 1326 FERGUS (Brown, 2006). Partial path coefficients were used to investigate unique relations between the IU and symptom factors.
 Latent correlations among the constructs in the structural regres- sion models are presented inTable 3. 5Results from the structural regression models indicated the presence of a statistical suppres- sion effect, such that the IUS–12-Prospective construct tended to evidence significantnegativestandardized partial path coefficients predicting the symptom constructs— depression .34,p .01; generalized anxiety .14,ns; obsessive– compulsive .42, p .01— despite IUS–12–Prospective sharing a significantposi- tivelatent correlation with each symptom construct. Supplemental analyses were completed to examine this suppression effect. Struc- tural regression models in which IUS–12–Prospective and IUS– 12–Inhibitory were the only two exogenous constructs in the model indicated that the overlap among these two constructs appeared to be affecting the partial path coefficients between the constructs and criteria. Specifically, in the models with either depression or obsessive– compulsive symptoms as the endogenous constructs, the IUS–12–Prospective construct shared nonsignifi- cant unique relations with these symptom constructs after the variance shared with the IUS–12–Inhibitory construct was con- trolled. Moreover, the IUS–12–Inhibitory construct shared positive unique relations that werelargerin magnitude than the latent correlations with these symptom constructs after the variance shared with the IUS–12–Prospective construct was controlled. The standardized partial path coefficients from these supplemental structural regression models, in which IUS–12–Prospective and IUS–12–Inhibitory were the only two exogenous constructs pre- dicting the respective symptom construct, were as follows: depres- sion (Prospective –.11,ns; Inhibitory .72,p .01); gener- alized anxiety (Prospective .16,p .05; Inhibitory .52,p .01); and obsessive– compulsive (Prospective .10,ns; Inhibi- tory .65,p .01). Because of the impact of each IUS–12 construct on one another in these models, a composite IUS–12 construct, which consisted of all 12 IUS–12 items loading a single latent construct, was used for the results reported from the struc- tural regression analyses.
 Fit statistics from the structural regression models, in which the correlated IUS–12, OBQ–P/C, and IUI–A constructs were allowed to predict the respective symptom construct, are presented inTable1. With the exception of slightly elevated RMSEA statistics, all of the fit statistics met or exceeded the specified guidelines. Partial path coefficients from the structural regression models are pre- sented inTable 4. As shown, the OBQ–P/C and IUI–A constructs both shared unique relations with each symptom construct. The IUS–12 construct, however, only shared a unique relation with the depression construct. Collectively, the IU constructs explained a large amount of variance in the symptom constructs. Discussion IU has received increased attention from clinical researchers in recent years, which highlights the need for valid assessment tools of this construct. Whereas in the existing literatureFreeston et al.’s (1994)IUS has been the measure most often used to assess IU, additional self-report measures exist for researchers and clinicians to choose from when assessing this construct. Unfortunately, little systematic research has been completed to compare extant self- report measures of IU. The present research helped fill this gap in the literature by examining the structure and incremental explan- atory power of three self-report measures that were developed to assess IU—the IUS–12 (Carleton et al., 2007;Freeston et al., 1994), OBQ–P/C (Moulding et al., 2011;Steketee, Frost, & OC- CWG, 2005), and IUI–A (Gosselin et al., 2008). The present results indicated that all three of the measures can be conceptual- ized as assessing IU, although each measure appears to assess a distinct aspect of this construct.
 5Kline (2011)advocated using a two-step process when examining structural regression models, with the first step consisting of fitting mea- surement models to the data before proceeding to testing structural regres- sion models. The benefit of using this two-step process is that it is easier to locate the source of any poorly fitting structural regression models. This two-step process was adhered to when testing the reported structural regression models. However, given the adequate fit of the structural re- gression models, only the fit statistics from the structural regression models are reported for ease of interpretation of the results from the structural regression models. The measurement models consisted of removing path coefficients from the exogenous to the endogenous constructs and freeing latent factor intercorrelations. The latent factor correlations reported in Table 3were obtained from the initial measurement models. Table 1 Goodness-of-Fit Statistics for Tested Models Model 2 NTWLS 2 SB 2 dfRMSEA RMSEA 90% CI CFI NNFI SRMR Structure First-order models Correlated four-factor 1794.64 2131.30 1769.67 458 .068 [.065, .071] .982 .980 .051 Correlated three-factor 2069.63 2795.17 2325.55 461 .081 [.077, .084] .974 .972 .053 One-factor 3195.60 4404.13 3622.21 464 .105 [.101, .108] .956 .953 .067 Correlated two-factor 2641.29 3692.48 3058.38 463 .095 [.092, .098] .964 .962 .061 Second-order model Higher order factor 1795.24 2127.96 1767.77 460 .068 [.064, .071] .982 .981 .052 Incremental explanatory power Structural regression models Depression 2655.98 3539.60 3016.19 696 .073 [.071, .076] .976 .974 .057 Generalized anxiety 2626.35 3448.80 2931.97 696 .072 [.069, .075] .977 .976 .052 Obsessive–compulsive 2356.56 3157.60 2676.90 588 .076 [.073, .078] .974 .972 .054 Note. NTWLS normal theory weighted least-squares; SB Satorra–Bentler; RMSEA root-mean-square error of approximation; CI confidence interval; CFI comparative fit index; NNFI nonnormed fit index; SRMR standard root-mean-square residual. This document is copyrighted by the American Psychological Association or one of its allied publishers.
 This article is intended solely for the personal use of the individual user and is not to be disseminated broadly. 1327 INTOLERANCE OF UNCERTAINTY The distinctiveness of the three measures of IU is not surprising, given the different operational definitions of IU used by research- ers when creating the items of these measures.Gosselin et al.
 (2008)asserted that IU fundamentally consists of two defining features: (a) the tendency for an individual to find uncertaintyintolerable or unacceptable and (b) reactions to uncertainty that may result from this tendency. As noted earlier, when developing the IUS items,Freeston et al. (1994)used a definition of IU that only pertained to reactions to uncertainty. Because the IUS–12 is a short-form of the IUS, the items of the IUS–12, by extension, are also representative ofFreeston et al.’s (1994)definition of IU. As Table 2 Completely Standardized Factor Loadings From Select Confirmatory Factor Analyses Scale/item One-factor modelFour-factor model I II III IV Intolerance of Uncertainty Scale–12-item version IUS–12 Item 1 .71 .78 IUS–12 Item 2 .60 .68 IUS–12 Item 3 .70 .78 IUS–12 Item 4 .40 .53 IUS–12 Item 5 .59 .68 IUS–12 Item 6 .66 .81 IUS–12 Item 7 .68 .82 IUS–12 Item 8 .57 .66 IUS–12 Item 9 .67 .75 IUS–12 Item 10 .70 .82 IUS–12 Item 11 .50 .60 IUS–12 Item 12 .70 .74 Obsessive Beliefs Questionnaire–Perfectionism/Certainty OBQ–P/C Item 1 .50 .78 OBQ–P/C Item 2 .49 .63 OBQ P/C Item 3 .53 .84 OBQ–P/C Item 4 .42 .64 OBQ–P/C Item 5 .54 .64 Intolerance of Uncertainty Index–Part A IUI–A Item 1 .79 .80 IUI–A Item 2 .82 .83 IUI–A Item 3 .80 .81 IUI–A Item 4 .79 .80 IUI–A Item 5 .81 .82 IUI–A Item 6 .68 .68 IUI–A Item 7 .85 .85 IUI–A Item 8 .84 .85 IUI–A Item 9 .85 .86 IUI–A Item 10 .78 .79 IUI–A Item 11 .89 .90 IUI–A Item 12 .78 .79 IUI–A Item 13 .58 .59 IUI–A Item 14 .87 .87 IUI–A Item 15 .67 .66 Note.N 624. All factor loadings significant atp .01 (two-tailed). Table 3 Latent Factor Correlations Factor12345 1. IUS–12-Total — 2. IUS–12-Prospective — 3. IUS–12-Inhibitory .80 — 4. OBQ–Perfectionism/Certainty .64 .61 .60 — 5. IUI–Part A .87 .82 .81 .63 — 6. Depression .60 .47 .64 .55 .60 7. Generalized Anxiety .66 .58 .66 .56 .70 8. Obsessive–Compulsive .53 .41 .57 .55 .58 Note.N 624. All latent factor correlations significant atp .01 (two-tailed). IUS–12 Intolerance of Uncertainty Scale–12-item version; OBQ Obsessive Beliefs Questionnaire; IUI Intolerance of Uncertainty Index. Table 4 Standardized Partial Path Coefficients From Structural Regression Models Endogenous constructExogenous construct IUS–12 OBQ–P/C IUI–AR 2 Depression .24  .25 .22 .42 Generalized anxiety .14 .17  .47 .52 Obsessive–compulsive .01 .31  .37 .39 Note.N 624. IUS–12 Intolerance of Uncertainty Scale–12-item version; OBQ–P/C Obsessive Beliefs Questionnaire–Perfectionism/ Certainty; IUI–A Intolerance of Uncertainty Index–Part A.  Partial path coefficient significant atp .01 (two-tailed). This document is copyrighted by the American Psychological Association or one of its allied publishers.
 This article is intended solely for the personal use of the individual user and is not to be disseminated broadly. 1328 FERGUS noted byCarleton (2012), the IUS–12 items can be viewed as assessing cognitive (e.g.,Unforeseen events upset me greatly) and behavioral (e.g.,The smallest doubt can stop me from acting) reactions to uncertainty. The items assessing these two reactions to uncertainty were factorially distinct in the present research, as represented by Prospective IU (i.e., cognitive reactions) and In- hibitory IU (i.e., behavioral reactions). However, the present re- sults failed to replicate preliminary results that the separate scales of the IUS–12 share differential unique relations with criterion after the variance shared by the other IUS–12 scales has been accounted for (McEvoy & Mahoney, 2011). Moreover, the present results suggest that after other aspects of IU have been accounted for, the reactions to uncertainty assessed by the IUS–12 are par- ticularly relevant to depression symptoms. The lack of a unique relation between the IUS–12 and generalized anxiety symptoms in the present research was particularly surprising, given the robust relations observed between worry and the IUS in prior research (Koerner & Dugas, 2006). However,Gentes and Ruscio (2011) noted that the bulk of existing research has examined IU in relation to worry, rather than to generalized anxiety symptoms more broadly.Spitzer et al.’s (2006)GAD–7 provides a broad assess- ment of generalized anxiety symptoms, as the items of this mea- sure are not solely focused on worry. The use of this measure could help account for the lack of a unique relation between the IUS–12 and generalized anxiety symptoms found in the present research.
 Whereas the items of the OBQ–P/C (e.g.,I must keep working until it’s done exactly right) appear less conceptually linked to definitions of IU frequently cited in the existing literature relative to the items of either the IUS–12 or IUI–A, the OBQ–P/C was nevertheless found to belong to the same higher order factor as both of these other two measures. One tenable reason for this finding is that, similar to the items of the IUS–12, the items of the OBQ–P/C could be viewed as assessing reactions to uncertainty.
 For example,Birrell et al. (2011)stated that “individuals who are intolerant of uncertainty respond to situations in ways that reduce the level of uncertainty. This is often achieved through obtaining sufficient information for the individual to judge the situation as predictable (and, therefore, safe)” (p. 1205). Perfectionism has been conceptualized as a reaction to uncertainty that functions in this manner. Specifically, some theorists have viewed perfection- ism within obsessive– compulsive disorder as an attempt to avoid feelings of uncertainty via striving to achieve a perfect state in perceptions and behavior (Frost, Novara, & Rhéaume, 2002).
 Feelings of uncertainty (e.g., uncertainty about risk of harm) might be reduced, at least temporarily, through perfection-seeking be- havior that makes feared situations become more predictable. At the same time, Frost et al. (2002) noted that perfection-seeking behavior might also increase uncertainty, thereby engendering even greater distress for individuals with obsessive– compulsive disorder. Because IU and perfectionism both appear to have trans- diagnostic importance (Carleton, Mulvogue, et al., 2012;Egan, Wade, & Shafran, 2011), perfectionism might be viewed as a reaction to uncertainty that spans across emotional disorders.
 Consistent with assertions made byGosselin et al. (2008), the IUI–A (e.g.,I have difficulty tolerating the possibility that a negative event may happen to me) would appear to be the only one of the three measures targeted in the present research that assesses the tendency for an individual to find uncertainty intolerable or unacceptable. This feature of IU is important, asDugas et al.(2001)opined that “intolerance of uncertainty may be defined more specifically as the excessive tendency of an individual to consider it unacceptable that a negative event may occur, however small the probability of its occurrence” (p. 552). The present results (i.e., that the IUI–A shares unique relations with symptom measures while accounting for the variance shared with measures that seem to assess the other defining feature of IU—reactions to uncertainty) further support the importance of assessing the ten- dency for an individual to find uncertainty intolerable or unaccept- able. Taken with the noted content differences across measures, the present results stand in contrast toCarleton’s (2012)assertion that the IUS–12 assessesthecore aspects of IU that span across psychological disorders, but rather indicate that the IUS–12, OBQ–P/C, and IUI–A each assess a separate core aspect of IU that is relevant to symptoms of psychological disorders.
 The future directions of research into the assessment of IU are plentiful and will help speak to the relative merits of the IUS–12, OBQ–P/C, and IUI–A. For example, it is important for researchers to examine whether these three measures demonstrate differential utility in clinical practice, as well as to examine the incremental explanatory power of these measures within prospective longitu- dinal studies. In addition, it might be informative to extend the present results by investigating whether the full-length IUS items (usingSexton & Dugas’s 2009factor structure) function similarly as the IUS–12 items in relation to the items of the OBQ–P/C and IUI–A. Given the interest in examining the assessment of IU among racial/ethnic minorities (Norton, 2005), replication of these findings among respondents with greater racial/ethnic diversity is needed. Moreover, whereas the bulk of the extant literature con- cerning the assessment of IU has been completed in nonclinical samples (Berenbaum et al., 2008;Buhr & Dugas, 2002;Carleton et al., 2007,2010;Freeston et al., 1994;Gosselin et al., 2008; Moulding et al., 2011;Norton, 2005;Sexton & Dugas, 2009), extending the present findings to samples that consistently score highly on both IU and symptom measures is warranted. Finally, depression, generalized anxiety, and obsessive– compulsive symp- toms were specifically chosen because these symptom types have been most often targeted in available IU literature (Gentes & Ruscio, 2011). Nonetheless, it is important to broaden the symp- tom assessment in future research to include other symptom types of potential importance (e.g., panic, social anxiety;Carleton, Mul- vogue, et al., 2012).
 Although the present results suggest that the IUS–12, OBQ– P/C, and IUI–A each assess IU, the distinct content assessed by each measure warrants attention. Specifically, researchers and clinicians should carefully attend to the differences in the item content across these measures when selecting one of the measures to assess IU. Future research efforts examining the relative merits of the IUS–12, OBQ–P/C, and IUI–A will be important in eluci- dating whether one of these measures might be considered a preferred measure of IU. Through such efforts, the assessment of IU can be refined, and the transdiagnostic importance of IU better understood. References Abramowitz, J. S., Deacon, B. J., Olatunji, B. O., Wheaton, M. G., Berman, N. C., Losardo, D.,...Hale, L. R. (2010). Assessment of obsessive-– compulsive symptom dimensions: Development and evaluation of the This document is copyrighted by the American Psychological Association or one of its allied publishers.
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